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Model BoolQ CB CoPA  MultiRC Record RTE WiC WSC

Few-shot 89.1 89.3 95 86.3/- 92.9/- 81.2  64.6 89.9
Finetuned 92.2 100/100 100 90.1/69.2 94.0/94.6 95.7  78.8 100

Table 8: Results on SuperGLUE dev set comparing PaLM-540B few-shot and finetuned.

PaLM: Scaling Language Modeling with Pathways
Chowdhery, Narang, Devlin et al.
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class LoRAAdapter (nn.Module) :
def init (self, adaptee, r):

super (). init ()

self.adaptee = adaptee
self.r = r

self.orig forward = adaptee.forward
adaptee. forward = self.forward

adaptee.lora A = nn.Parameter (
torch.randn (adaptee.in features, r) / math.sqrt (adaptee.in features)

)

adaptee.lora B = nn.Parameter (torch.zeros(r, adaptee.out features))

def forward(self, x, *args, **kwargs):
return (
self.orig forward(x, *args, **kwargs)
+ x @ self.adaptee.lora A @ self.adaptee.lora B
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QLoRA:
LoRA + Quantization




model = AutoModelForSequenceClassification.from pretrained (
”tiiuvae/falcon-7b-instruct”,
num labels=2,
load in 4bit=True

)

model = prepare model for kbit training(model)

peft config = LoraConfig(

task type=TaskType.SEQ CLS,

r=args.lora r,

target modules=["query key value","dense h to 4h","dense 4h to h"]
)

model = get peft model (model, peft configq)

QLoRA:
LoRA + Quantization
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